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@ RecipeQA

A Dataset for Multimodal Comprehension of Cooking Recipes

SOuUA2.0

The Stanford Question Answering Dataset

HotpotQA

A Conversational Question Answering Challenge

+'QUAC

Question Answering in Context

A Dataset for Diverse, Explainable Multi-nop Question Answering
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The Stanford Question Answering Dataset  The Stanford Question Answering Dataset

« SQUAD 1.1 = SQUAD 2.0

* 2 O 1 6£E 6 H ) 'iﬁ :I:E *E j( ﬁ ﬁ ﬁ T StanfO rd Pranav Rajpurkar” Robin Jia* Percy Liang
Question Answering Dataset (SQUAD) Z03E%E, (branaver, ropinjia pLiang}8es stantord.edy
HiE 7 s B IESERIRE R
Article: Endangered Species Act

e 201 8_’E|E7 ﬁ , l:\ﬁj:ﬂ?%j:ﬁﬁt T SQUAD 20 , y;_'- Paragraph: ... Other legislation followed, including

the Migratory Bird Conservation Act of 1929, a 1937
}?\7:? é&?&mﬁ{f? I EI:}-\_ th : j][l )\ I “Z:E_“EI%E’\] |‘|:T_| treaty prohibiting the hunting of right and gray whales,

and the Bald Eagle Protection Act of 1940. These later

Know What You Don’t Know: Unanswerable Questions for SQuAD

;EEB_i_” , i&—'/"_f% gﬁ“d‘n%%f;ﬁ__l 'Igd@ﬁlé laws had a low cost to society—the species were rela-
tively rare—and little opposition was raised.”
. 'f %;‘g@ . %ﬁj;ﬂ“ |\|:|_J @Eéﬁj% , ﬂj‘}ﬁj% |‘|:| 2 Question 1: “Which laws faced significant opposition?”
NTIp o o R M Aot i Plausible Answer: [ater laws
— o iy A A
- H:'I IR 5 I:I:l E/\J L’*):'L Exﬂzjg SR Question 2: “What was the name of the 1937 treaty?”

Plausible Answer: Bald Eagle Protection Act

o FUEZ=: 105 |o)En
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A Conversational Question Answering Challenge

CoQA: A Conversational Question Answering Challenge
CoQA: Conversational Question Answering

NN - — RN Siva Reddy Danqi Chen Christopher D. Manning
N :J:l AT N K
° |FEI 13K I::%L'F 1__ %5 r':T.I = \'ﬂij» N LP'T % El/] 12 M3 Computer Science Department
Stanford University
04— r=41E 45 =i == R TN INARS N j j j . :
» HMBfRAKFIR L 7 CoQARHRES BT 1M R fF s R (ofvar, dangl, manning}@es . stanford. edu
T Z DI E T ER A Jessica went to sit in her rocking chair. Today was her birthday
t = Ebyzj 1E:L—J'-'$" E/\] }_L i and she was turning 80. Her granddaughter Annie was coming
_ G — o L . over in the afternoon and Jessica was very excited to see
o - T %;‘é HU . PN /|\ A |Eﬁ,- éﬁéﬁ AE E’\] —Eﬁﬁﬂy . —/|\ A ;ET;EE her. Her daugillte; Mf:lanliedand Melanie’s husband Josh were
coming as well. Jessica had . ..
o), Z—TAXKEZE
Q1: Who had a birthday?
/S =" =N gl Bm Aq: Jessica
RQ%EE; 12.7 77 l —JM R1: Jessica went to sit in her rocking chair. Today was her
. . birthday and she was turning 80.
- E5ES Q2: How old would she be?
AQZ 80
— V- Aobv 2 ! AN 1L I . :
IMEEERMTEABEREFNETELERE Ro: she was turning 80

Qs: Did she plan to have any visitors?

1R L FTRO PR A% As: Yes

R3: Her granddaughter Annie was coming over

o SECITTRRRYFEICTHE MR o) -EUXT o) R E
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« SemEval-2018 Task 11: Machine Comprehension

using Commonsense Knowledge SemEval-2018
International Workshop on Semantic Evaluation

o (TR NATENREEHITIERE, FIRIEZLRTEDIFM Sponsored by SIGLEX

I MRIEERZPRHEE—TERER (EROEFOFS

fi j:lJl_ \/\) @@ SemEvaI-i018Task11:MachineCompreh“ensionusingCommonsenseKnowledge

. c= o vyl Previous End
L EZBRE LTRMR. BRI 11—
 AlI2 ARC Challenge

e 230 MBEHBEXZAFHEENR, fEFERENRINEEFED
- 81E: 1AMBHXAZNR, 77871 RS
o HEIRMASIEPEEER LIXEEIXRZEIZA30% Y /EIHER
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 ELMo: Embeddings from Language Models

NAACL-HLT-2018
FA=BE#813120+
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Deep contextualized word representations

Matthew E. Peters', Mark Neumann', Mohit Iyyer', Matt Gardner',
{matthewp, markn, mohiti,mattg}@allenai.org

Christopher Clark*, Kenton Lee*, Luke Zettlemoyer'
{csquared, kentonl, 1sz}@cs.washington.edu

TAllen Institute for Artificial Intelligence
“Paul G. Allen School of Computer Science & Engineering, University of Washington

INCREASE
TASK PREVIOUS SOTA OUR ELMO + (ABSOLUTE/
BASELINE BASELINE RELATIVE
SQuAD | Liuetal. (2017) 84.4 || 81.1 85.8 4.7124.9%
SNLI Chen et al. (2017) 88.6 || 88.0 88.7 + 0.17 0.7/75.8%
SRL He et al. (2017) 81.7 || 814 84.6 32/17.2%
Coref Lee et al. (2017) 67.2 || 67.2 70.4 3.2/9.8%
NER Peters et al. (2017) 91.93 +0.19 || 90.15 90222 +0.10 2.06/21%
SST-5 McCann et al. (2017) 53.7 || 514 547 £ 0.5 3.3/6.8%

Peters et al., 2018. Deep Contextualized Word Representations
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BERT: Pre-training of Deep Bidirectional Transformers for

 BERT: Bidirectional Encoder Representation Language Understanding
from Transformers

Jacob Devlin  Ming-Wei Chang Kenton Lee Kristina Toutanova
Google Al Language

® EOpen AI TranSfOrmerSE,\JE__;ﬁtj I_i _-/L_I/:j:EII:l:II {jacobdevlin, mingweichang, kentonl, kristout}@google.com
REXX @ Transformers System ey o Test

Leaderboard (Oct 8th, 2018)

* L ﬁ% -I'ﬁ -L-l_ E AN El] 1££¢a éé El] H -l_ Elurélr?:emble - nlnet : : 22(3) g} %
#2 Ensemble - QANet - - 845 90.5

o ZERT BookCorpus I K Wikipediafl% 12 Single - QANer T ms w3
:}E ) 'L_l_l__| EU 133B BiDAF+ELMo (Singlel;ubliShed . 858

R.M. Reader (Single) 78.9 86.3 79.5 86.6

. N . . R.M. Reader (Ensemble) 81.2 879 82.3 88.5
o JIZM{EH T 16"4=641RTPU, Lit4KHAd|E] r—
- BERTgAsE (Single) 80.8 88.5
BERTLARGE (Smgle) 84.1 90.9

. B AEEIERGPUBE IS 1 AR 1] BERTL G (bl 353 01

BERT arGE (Sgl.+TriviaQA) 91 1 85 1 91 8
BERT aArGge (Ens.+TriviaQA) 86.2 92.2 87.4 93.2

° I_‘E_I ;Pj_ E *’J/_{‘I O ﬁ ;EEQ Il:l:lI *- éé%ﬁ 1} ‘ | Q? 1:%J U *I:I fbﬁ’ﬁ Devlin et al., 2018. BERT: Pre-training of Deep Bidirectional

Transformers for Language Understanding

‘
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o REAMIOIFAVIERE (FhEIERE) — X1ERFAQueryfVIERE (
e 7£Ubuntu. OpenSubtitlesZHUELE R EBRIFHEN

ZRITIE)

Ubuntu OpenSubtitles
Context-Sensitive Generation of Open-Domain Conversational Responses Models Coherence | Naturalness | Diversity | Coherence | Naturalness | Diversity
Wei-Nan Zhang*, Yiming Cui', Yifa Wang*, Qingfu Zhu*, Lingzhi Li*, Lianqgiang Zhou*, Ting Liu* LSTM 0.930 0.477 0.069 0.963 0.443 0.099
*Research Center for Social Computing and Information Retrieval, HRED 0.967 0.490 0.141 0.963 0.443 0.098
Harbin Institute of Technology, Harbin, China. VHRED 1.010 0.507 0.140 0.986 0.473 0.093
"Joint Laboratory of HIT and iFLYTEK (HFL), iFLYTEK Research, Beijing, China CVAE 0.987 0.513 0.140 1.000 0.477 0.114
tJoint Laboratory of HIT and Tencent Corporation, Shenzhen, China WSI 1.010 0.507 0.141 1.013 0.490 0.110
*{wnzhang, waangT’ afzhu, 1z1li, tliuj@ir.hit.edu.cn HRAN 1.027 0.510 0.147 1.033 0.477 0.109
e BRI YEeR - com Dynamic |  0.987 0.507 0.158 1.013 0.477 0.109
' Static 1.070 0.513 0.150 1.027 0.497 0.110

Zhang et al., COLING2018. Context-sensitive Generation of Open-Domain Conversational Responses
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» FMR: HRFENIRESRAR

« SQUAD 1.1: (XFNIEE R EX
e IRITEMEZNEEMEIEARZEITE: SAN (Liu et al., 2018), SLQA (Wang et al., 2018)
o HEREN/MTIIZRENTE: QANet (Yu et al., 2018),

« SQUAD 2.0: HIMEREEAE, NTFoZRREFETNREER K

o IXITENIMIFRERZN: RMR+Verifier (Hu et al., 2018), U-Net (Sun et al., 2018)

o ZZIHF: RMR+Verifier, Answer Verifier (Tan et al., 2018)
o EIFRUGNFIRRE: MNEBTEMNSZS TIEIFIEL — I EREER

e ITERE. [0, @EIN=% Z[8HKZHA: Co-Matching (Wang et al., 2018), HMA (Chen et al.,
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SBEBETTA” P22 iﬁ&@ﬂ?iﬂu (CMREc 2018)

A S 3 S | | B Aw il BE ...t
\ ] \I-II The 2nd Evaluation Workshop on Chinese Machine Reading Com ension . sl Sl -
1 I \ 2018510H19H A of A wr o BT —

o JBRMRMNADD paEIMRIEIEREERFARTEM, AR REIE R AR
PR, RTINS ARIEMSEEARY K
« CCL20178/R&E N T P A 25 @ZERRE TN, SEEAYVNFNNE ZE
« FhAh: PEPXEEEFSITRIEEFEZS (CIPS-CL)
e EPH: BIAH CEAEEHNE (HFL)
s BRA: BRI CIRMDBIRAE]
o MEITENHIRS| THEBE200ZNEIRE, IRBAZETA, KT REFOE
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ACL Anthology: http://aclanthology.info

Rajpurkar et al., 2018. Know What You Don’t Know: Unanswerable Questions for SQuUAD.
Choi et al., 2018. QuAC: Question Answering in Context.

Yagcioglu et al., 2018. RecipeQA: A Challenge Dataset for Multimodal Comprehension of Cooking
Recipes.

Yang et al., 2018. HotpotQA: A Dataset for Diverse, Explainable Multi-hop Question Answering.

Reddy et al., 2018. CoQA: A Conversational Question Answering Challenge.

Rajpurkar et al., 2016. SQUAD: 100,000+ Questions for Machine Comprehension of Text.

Clark et al., 2018. Think you have Solved Question Answering? Try ARC, the Al2 Reasoning Challenge.
Peters et al., 2018. Deep contextualized word representations.

Devlin et al., 2018. BERT: Pre-training of Deep Bidirectional Transformers for Language Understanding.
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* Liu et al,. 2018. Stochastic Answer Networks for Machine Reading Comprehension.

« Wang et al., 2018. Multi-Granularity Hierarchical Attention Fusion Networks for Reading Comprehension and
Question Answering.

* Yuetal., 2017. QANet: Combining Local Convolution with Global Self-Attention for Reading Comprehension.
 Hu et al., 2018. Read + Verify: Machine Reading Comprehension with Unanswerable Questions.
 Sun et al., 2018. U-Net: Machine Reading Comprehension with Unanswerable Questions.

 Tan et al., 2018. | Know There Is No Answer: Modeling Answer Validation for Machine Reading
Comprehension.

 Wang et al., 2018. A Co-Matching Model for Multi-choice Reading Comprehension.

 Chen et al., 2018. HFL-RC System at SemEval-2018 Task 11: Hybrid Multi-Aspects Model for
Commonsense Reading Comprehension.

 Zhang et al., 2018. Context-sensitive Generation of Open-Domain Conversational Responses.
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